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Interoperable Competency Models

A Marksmanship Use Case

A Development of an Interoperable Competency Model that
lives outside of GIFT.

A Competencies must be updated at run-time (forgetting,
new experiences & training, etc.)

A Approach involves a competency model which defines or
maps learner activities to competencies along with a
database of all learner activities.

A Database employs the xAPI format developed by the DoD
Advanced Distributed Learning Lab.
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RDECOM Interoperable Competency Model
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Interoperable Competency Model

GIFT
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/' predicted for the learner.
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The Domain Module sends an
ActiveMQ message to the LMS
Module, passing along the ICM
as well as some additional
domain information.

The LMS Module writes
an xAPI statement to the
LRS specifying which
ICM GIFT received from
the ICM server.

The LMS Module queries the
configured LR S to retrieve a learner’'s
historical data. The LMS uses this
historical data as well as the ICM to
predict a qualification for the learner.
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A Framework for Learner Modeling
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A Framework for Learner
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Predicting Training Time in GIFT

Adaptive Non Adaptive

One advantage of adaptive training is
greater training efficiency (reduced
time to train to criterion)
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content, and training strategy.
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A Framework for Learner Modeling
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ROECOM Assessment of Trainee State:

Cognitive Workload

Cognitive Assessment Toolkit: B ] |
Uses behavioral and physiological |
measures to assess cognitive
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Conclusions and Future Directions ARL

A Research on Learner Modeling is progressing in
all quadrants of our framework.

A Learner modeling is a complex task and much
remains to be done

A Future challenge areas include:

I Integration with future learning architecture
(e.g., the Total Learning Architecture)

I Continued research on lightweight sensors for
unobtrusive measurement of learner states.

I Research into how to best adapt training to
maximize efficiency and effectiveness
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